
Blocked, cluster-randomized controlled trials are a common tool in education and other
fields due to the natural nested structure of data (e.g., students in schools, in districts).
Such trials present unique challenges in estimating overall average treatment effects,
especially in the face of possible impact heterogeneity and variation in block and cluster
sizes. Researchers must decide whether to target the average effect across individuals or
clusters and, given that choice, select from a wide range of estimators (we have identified
more than 30) that make different bias-variance tradeoffs and rely on various
assumptions. These choices are further complicated by degrees-of-freedom constraints
and the instability of nominally unbiased estimators. To assess the consequence of these
choices in practice, we examine over 30 field trials in the social sciences, applying 32
estimators, including various design-based estimators, aggregation approaches, linear
models, and random-effects models to each associated dataset for all primary outcomes.
We then evaluate the extent to which different methodological choices impact estimated
effects and estimated standard errors. Point estimates can vary substantially, and
estimated standard errors can easily differ by a factor of 3 or more. We supplement our
findings with a calibrated simulation and theoretical inquiry to identify what drives found
differences. We close with practical guidance to researchers navigating these issues.
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